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Beyond Language: What Does Cultural
Grounding Mean?

* Language proficiency # cultural understanding.

* Culture shapes questions, expressions, meanings, and
expectations.

* Trustworthy Al must be grounded in people's actual experiences.

How can we make Al that is representative and
reliable for Communities they are build to serve?



Towards Culturally Grounded Al

* Are we evaluating what matters to people?

* Do the benchmark reflects everyday questions, local knowledge and
diverse cultural experience?

* Are different communities adequately represented in this models?

 What happens when communities interact with these Al?

 Does the benchmark translates into reliable measure for user-
interaction?

 How do language, dialects and cultural context affect user experience?
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Everyday Multimodal Interaction

Speech
+ image

® Cover real-life topics like food, fashion, 7
-

_ Transcription: What

V is this? —
Where am i now? \\

Response 1: The building was originally known

= as the Palacio de Comunicaciones (Palace of
Communications). It now serves as Madrid's City
Hall (Ayuntamiento de Madrid).

social customs, daily activities.

Response 2: You are at Plaza de Cibeles,
Madrid.

® Enable model development by incorporating tri-modality:

Images — Capturing real-world and cultural contexts.
Text-Based Questions — In MSA, dialects, and English.

o~ Spoken Queries — Testing Al's ability to handle voice interactions. B

EveryDayM MQA
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Everyday Multimodal Interaction

Develop a specialized Al assistant focused on =
everyday knowledge in the Arab world. =
S
Everyday knowledge Speech
What is the significance of this dance in O

Arabic culture?
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Everyday Multimodal Interaction

Develop a specialized Al assistant focused on a
everyday knowledge in the Arab world. :

—)
Everyday knowledge Speech

What is the significance of falcon here? yowr
Text
"N g O
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Xbd

EveryDayMMQA




EverydayMMQA: Framework EveryDayMMQA

1. Human-in-the-loop 2. Localized Image 4. QA Generation 6. Extension to Speech
Topic and Query Generation Retrleval and Filtering __ N ———
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EverydayMMQA: A Multilingual and Multimodal Framework for Culturally Grounded Spoken Visual QA
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EverydayMMQA: OASIS Dataset EveryDayMMQA

— S Image Description: Category: “Geography, Buildings & Landmarks”
P 221 © MSA” “=3Ls - Sius pracadll ..." Subcategory: "Famous Landmarks”
modalities B e e i e , . Topic: "Futuristic Design of the National Museum of Qatar"
8 “Eng : A modern architectural building featuring ...", cognitive focus: *knowledge-based"
g ARZ": ..., Semantic focus: ["Architectural Features and Functions, "Cultural Significance and Heritage"]
‘AJP”: .... Country: Qatar
................ OREN «...cccccccctttesscsssssccnnnns BREE. . c cccccctcesscnegrncssnsnnns B c cccoe
. Open-ended: ‘Bba - Multiple Choice: ‘8L If True/False: ‘B X
QU (MSA): pell 31y gl B sl sl a2 @ (MSA): ek ol 5ol 8 AR ol 4 e 1 Q(MSA): sosmall el 31 Gl s
X A .+ ("Which landmark is shown in the image, and where is it 2 aasdl ago ) Oy Wy b
* (What is the name of the building shown in the . loca.ted?") .. ("The building shown in the image is
LN - image, and what inspired its design?) I-OP_."°’_‘5:_ e .. located in the United Arab
N‘“ S ey 3 pall C“‘)‘“ pirall ol Lo T A saaiall 4y pall Sl Y1 o gl a5l Caaid * Emirates.")
s AN MSA) sty ke (The Lo Ab Dhel UAEY * options
hat i name of th ildin it Sy = Oe .+ B. )fﬂ' a8 . A. True
gm;;‘;,tz,ee i;; aeeo atnz :/‘;, ac: g - (The building is the National Museum of Qatar, and . ("National Museum of Qatar, Qatar”) " B.False .
o - : g 7' . its design is inspired by desert rose formations.) b C. " gl " R :
inspired its design?) . Rationale (MSA):« sl b )l jlal Ciaias jpall 4lai -+ ("Sydney Opera House, Australia”) - Ans (MSA): False .
LLM Response DA el el 825 SIS 45 a8 UK e 4l i paall Ans(MSA)")La‘,h)h" """""""""""""""""""""""" -, Rationale (MSA): <y S8 3 g ) -
Y . Y g : " e g e 538 a5 ALl o ‘ e e okl caade g4 saaall g el S Y B .
x’s.‘; dazanas g ¢ | Aale "‘““ . . /™ : ” *
= CAC=— s )li | ‘?J ) L ("The image depicts the iconic National Museum of " ( Na.monal Museum of Qatar, intar ) o _ _ e
The building is the National Mus 2 ¢ 323" Qatar, known for its disk-shaped structures . Rationale (MSA): 0e 24w 4 S5 pa f 82 e Spadl all psansi . ("The building is located in Qatar,
(The bui ln'g ist .e 'atlf)na. s . resembling desert rose formations, a unique - )_" “"'! "," c"’)h o oo S ‘“,‘“n ‘J""' . ‘- not the United Arab Emirates. It is
Qatar, and its design is inspired by desert * geological phenomenon.”) *. ("The building’s distinctive interfocking disk-shaped design is the National Museum of Qatar.")

. » characteristic of the National Museum of Qatar, located in Doha.”)

rose formations.)
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EverydayMMQA: OASIS EveryDayMMQA

MENA region 18 Countries 9 Categories and 31 subcategories

Tunisia lomn\Y
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EverydayMMQA: OASIS EveryDayMMQA

QA: ~3.7Mx4=~14.8M

(@]
T
TN ‘% > § & .2 Open-ended: ~0.92M
¥ 3 8 F £ Ve & MCQ: ~0.92M
> . 5 g © @ © S True/False: ~1.85M
P e, .k% %}o 3 é?@ i;zsb\ .. .
% P % % O ~ K (@Qo \«@QO“ AUdIO Stats
= N e Generated audio (20,279 h)
9 pestV? - en: ~14M audio (14,509 h), 35
5 Arts ref speakers
? - msa: ~3.7M audio (5,770 h),
A °b’°°‘3 CE""""""V Objects 47 ref speakers
e A Io,hing&FGs# - avg dur: 5s (en), 6s (msa)
g ™, %"84.9 on - avg audio token: 52
b oy, Py, Recordings (141h)
S %Oo - en: ~33K recordings (55 h); 13
"%% %, speakers, 4 countries
< - msa: ~61K recordings (86 h);
13 speakers, 6 countries
¥} Culture, Arts & Entertainment 22 People, Society & Education lmage Stats
Religion & Spirituality m History, Geography & National Identity = Food & : .
Cooking M Objects, Materials & Clothing ¥ Sports & Recreation ¥ Geography, Total image: 0.92M
Buildings & Landmarks & Vehicles & Transportation avg W x H: 1000 x 1226

avg image token: 1232 MK
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EverydayMMQA: OASIS Results
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EverydayMMQA: Extending OASIS RearyDayMMES

Italian Chinese

(Mandarin)
Spanlsh /
Turkish
n'\ .'/

é _} | ‘ / ) Assamese
L w \ ,-"’ Gujarati —g! ~/
J O nv.:( Bangla
" -_\c Tigrinya

o—f" Amharic

‘r/\ si::?

Portuguese -
(Brazil) ’ Swahili

=L

Marathi —®

Telugu

.____. OASIS MENA Regions

18 countries:

Algeria, Bahrain, Egypt, Iraq, Jordan, Kuwait,
Lebanon, Libya, Morocco, Oman, Palestine, Lh
33 21 9 Qatar, Saudi Arabia, Sudan, Syria, Tunisia, g

. . . . United Arab Emirates, Yemen Xu
Countries Languages Arabic Dialectal Regions




MMCultureQA | SEMEVAL 2027 | Shared Tasks

- REGISTER YOUR TEAM

mmculturega-semeval27.github.io

@Website ® Dataset ® Slack
details & sign-up QCRI/MMCQA-SemEval27 join the community

KEY DATES
Jul 15, 2026 Sep 23, 2026 Jan 10, 2027 Jan 31, 2027 Feb 2027

— 00— 0O O

Sample data Training data Eval opens Eval closes Papers due

Summer 2027

O

Workshop



Towards Culturally Grounded Al

* Are we evaluating what matters to people?

* Do the benchmark reflects everyday questions, local knowledge and
diverse cultural experience?

 Are different communities adequately represented in this models?

 What happens when communities interact with these Al?

 Does the benchmark translates into reliable measure for user-
interaction?

 How do language, dialects and cultural context affect user experience?




In-the-Wild
Arabic Spoken

Interactions
(with LLMs)

IN-THE-WILD

WASIL
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WASIL Motivation

The First in-the-wild Arabic spoken interaction log datasets with explicit
fine-grained user feedbacks along with multi-layer of annotation: Dialect
identification, transcription, MSA translation among others.

Can be used for:

* Diagnostic Test set

* Preference understanding and modeling

 Benchmark general purpose text- and multimodal LLMs

WASIL: In-the-Wild Arabic Spoken Interactions with LLMs. (INTERSPEECH 2026 Long)
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Feedback categories on LLM's response '\ TEF ™

g () failed to follow iInstructions, (i) lacked factual acouracy,
Uke/ (M) dspleased with style and format, {iv) avokleo
Dislikke arswenng the guestion [v) not aligned with Arabic or
Islamic culture, [vi) aisturtang content, (wi) religiously
@ incorrect, (vil) grammatical @rors ano strange characters,
(ix) too brief, (x) %00 lorng

WASIL: In-the-Wild Arabic Spoken Interactions with LLMs. (INTERSPEECH 2026 Long)

9 days collection:

open discussion (any topic),
follow-up questions,
creative writing,

scientific questions,
safety-related queries, and
Arabic culture.

18



Step2: Gold Transcript Creation

Transcribing dialectal Arabic from scratch is slow and expensive.

Post-editing
®_ . Country-matched
. /1 Annotator

E — P Dialect vs MSA
= @ ‘o Scratch vs post-editing

Post-editing

ASR hypothesis Gold Transcript

Dialect-wise Differences (ASR transcript Vs. Post-edited
transcript)

. Easiest: Egyptian, Syrian
O Hard: MSA
. Hardest: Mix, English

WASIL: In-the-Wild Arabic Spoken Interactions with LLMs. (INTERSPEECH 2026 Long) 19



Step3: Dialect, Answerability and MSA Translation

User Prompt and Assistant Response

User Prompt and Assistant Response \_ S et Baa g 5y cpl ) sY) pasdii AMRI J1 4l ,CT Scan J sl o Gi) 58
iyl
:} ke . \X/hat is the difference between CT scans and MRI scans for
\_ ’)) Who discovered the atom? i s diagnosing tumors, and which one is better?
MRI Magnetic 42/, CT) Computed Tomography) s ) |
> . ST G Ll e Lagia JSUy (alall s eaill liiliag (5385 LaResonance Imaging
W gL a5 JaladY) allad) ga Al CAISa X gl b Lag Anals e

CT (Computed Tomography) and MRI (Magne’uc Resonance
Imaging) are two different medical imaging techniques, each
with its own advantages and disadvantages in diaghosing ..

The discoverer of the atom is the English
scientist James Chadwick.

5 — _ s -
[ User Feedback \_I ( Manual Annotations \ i N o e ——————— ~
i Reaction Dislike 2 P | { l& \ [ Manual Annotations \
. nea I Dialect MSA | | User - | | Dialect Sudanese and English |
l | ~ | Feedback 7
| Userfeedback .5 (Dalton) . . | I Answerability ;
i | | Answerability Clear | ! 1 ear |
: ! i | Reaction Like il
: | . |1 MsA el 4 Loz t1a at .. |
| Feedback Lacked factual accuracy{ | MSA translation ; i j | B anly duakaiall Aas oy 3,2 Lo ’
Ncategory. . ... _._ e N - N N mmm ] § sl Logely plo¥l pauie s § quiblidall
e - 5 U U U -
' . = : "= :
( ASR Hypothesis I|||III|||'E \I II |||b.l|||..=§ | ASR Hypothesis \I
! ‘ | I Fanar Aura Buly bgg phodl paussd 3 b oY) Gty O8] Suaadl Anil (0 B0 it |
: Fanar Aura Byl CasiSe ¢y i ! JradYl ogud :
- : | . :
I Gemini 5yl CaliSe oo ! i Gemini Bty 339 Tahs¥l pawad (3 T T pY) dntly 08w (gl Axsl g Gy g2 !
\ ! N Sbeios
R e e et e e e e e e e e et et 1 e s 7
Dislect annotation Answerability annotation
MSA, English, Mix, Eq, SD, DZ, SY Answerable/dear, Ambiguous, Oue
of-domain, not-a=request/noise
GWET AC1: 0.65

WASIL: In-the-Wild Arabic Spoken Interactions with LLMs. (INTERSPEECH 2026 Long) o0



IN-THE-WILD

WASIL

WASIL at a Glance

The first dataset of in-the-wild Arabic Spoken LLM Interaction

B 8% b} 1 L o
9,304 93 & 85.8% 14.2%
total turns users countries likes dislikes
® ‘1 f ¢
ﬂ =" "
R, w— x FamarAPl
ricipants: rfesponse e “. N
93 Users ‘—;L—t .".'.:'.-.'.-:.-.-.-.'.'.'.-.-. '''' % 988
y o \ 'f A T
(Algenia, Egypt, Sudan, Syna) i1 Gemini feedbacks
\ i m 5‘: annotated
User Feedback | I g

&
AMM e3pONse -
Feedback LLM' Multi-labe
= | 1777

£ () failed to follow instructions, (i) lacked factual accuracy,
Uke/ (0) dspleased with style and format, {iv) avokleo

test prompts

Dislikke arswenng the question, [v) not aligned with Arabic or =3

feedback !513mic culture, (vi) disturbing content, (wi) religiously n
¢ incorrect, {vil) grammaatical @mors anad strange characters,

| (%) too brief, {x) o0 long it

WASIL: In-the-Wild Arabic Spoken Interactions with LLMs. (INTERSPEECH 2026 Long)

Anmotations
Dislect annotation
MSA, English, Mix, Eq, SO, DZ, SY

Answerability annotation

Arswerable/dear, Ambiguous, Ouee

of-domain, not-a=request/noise

Dislike feedback meta-categories (%)

Communication

0% 20% 40% 60%

21



IN-THE-WILD

WASIL

What Makes WASIL Different

Existing resources*

Text chat logs

WASIL

Spoken conversations
Speech, ASR hypothesis and Gold Transcription

Preference judgments

Feedback that explains why

Like/dislike with reasons, reference transcripts,
and labels for whether a question is answerable

English-centric resources

Arabic language

Modern Standard Arabic (MSA), 4 dialects, and Code-
switching. MSA <-> DA translation

Task-driven evaluation

Real-world Speech!
In-the-wild conversations with real users

WASIL: In-the-Wild Arabic Spoken Interactions with LLMs. (INTERSPEECH 2026 Long)

%

g
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https://huggingface.co/datasets/QCRI/WASIL

Faithful
Recognition
using Speech Al




6 Fanar Aura Arabic-English
Speech Recognition Systems

Fanar-Aura-STT-1 (deprecated)

Fanar-Aura-STT-LF-1 (deprecated)

Fanar-3.0-Aura-Transcribe

Fanar-3.0-Aura Fanar-3.0-Aura
Long-form ASR for Streaming ASR for
MSA, Dialect and Classical Arabic MSA, Dialect and Classical Arabic

API: https://api.fanar.qa
Chat Platform: https://chat.fanar.qa/

https://huggingface.co/spaces/QCRI/AURA-Arabic-English-ASR-leaderboard


https://api.fanar.qa/
https://chat.fanar.qa/

OFFLINE

Word Erco Rate (WER) |

Fanar1.0 Fanar2.0 Fanar3.0
I aura_sttvi | | aura_stt_Ift [} aura_stt_offline xl [I cohere-transcribe-arabic-07-2026

80 - SF: 446M LF: 479M XL: 370M Cohere: ~2.1B 72.41
20 5K (15K) hrs 10K (23K) hrs 33K (123K) hrs 0.5M pre-train + 300K hrs FT )
60
50 5
40 -
30 4
204
10 1

0 o

MSA Quran DA EN

Set o ~ Offline XL vs v1 - OfflineXLvslfi vs Cohere |
MSA V 27.3% \ 48.3% 1.55 better
Quran V 98.3% V 95.7% 12.26 better
DA V 14.3% Vv 34.7% 4.90 better
€S $ 20.7% y 28.0% 4.44 better
EN I 62.7% V 92.7% 1.78 worse




Streaming AR-EN ASR 2026

M: 86M L: 172M XL: 370M
10K (23K) hrs 10K (23K) hrs 33K (123K) hrs

[- aura_stt_stream_M @ aura_stt_stream_ L B aura_stt_stream_XL]

50 -

3576
28.88
25.45

Word Erco Rate (WER) |

MSA Quran DA cS EN



ASR Data in the Aura-STT-Stream-XL model

(~370M)

Category Value
Total cuts 53,634,239
Raw speech hours 33,434.27 h
Estimated after augmentation ~123,657 h

Approx augmentation factor

~3.7x vs updated raw

Tag Overall hours Share of overall
<en> 10,012.54 29.9%
<ar>MSA 3,784.22 11.3%
<da> 6,808.05 20.4%
<ga> 2,002.00 6.0%
<mix> 7,718.49 23.1%

No tag 3,108.97 9.3%

Total 33,434.27 100.0%

Unique tokens | Total Token
Total 1,958,972 794,150,581
Arabic 1,302,414 338,610,178
English 648,155 454,358,563
Numbers | 4,000 932,217
Tags 6 55,909,745
Mixed 4,403 100,809



Aura-Stream-xl-1

Type message...

Fanar Playground

(23 CONVERSATION |~ METRICS

Waiting for messages...

STATUS
Client

Agent

DEVICES

SESSION

Transport

Session ID

Participant ID

RTVI Client
RTVI Server

.:é:. @

READY

READY

Small WebRTC

44ad6340-c852-472b-9f11-58cb3900.. ()

€8467bdd-7868-4410-bf6b-65c0b108.. ()

v1l.7.0

v1.2.0
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